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Methods. The digital economy is transforming the global economic landscape at an
unprecedented pace and has become an important driver of regional economic restructuring and
sustainable development. This study investigates the mechanisms and effects of the digital economy
on the transformation of regional economic structures using data mining and quantitative analysis
methods. The research combines factor analysis with orthogonal least squares regression to assess the
relationship between the level of digital economy development and structural changes in regional
economies. The analysis considers the technological, industrial, resource, and spatial dimensions of
digital transformation and identifies the main channels through which digitalization affects regional
economic development.

Results. The empirical results demonstrate a statistically significant positive relationship
between the level of digital economy development and the transformation of regional economic
structures. The findings obtained through factor analysis and orthogonal least squares regression
confirm that digitalization contributes to the modernization and optimization of regional economic
structures. The results also indicate that the intensity of this effect depends on the capacity of regions
to adopt digital technologies, stimulate innovation, improve resource allocation, and integrate
traditional industries with emerging digital sectors.

Novelty. The scientific novelty of the study lies in the comprehensive assessment of the
relationship between digital economy development and the transformation of regional economic
structures. The study identifies the key mechanisms through which digital technologies contribute to
structural upgrading, including technological innovation, more efficient resource allocation,
industrial integration, and the strengthening of spatial economic interactions. The findings provide a
theoretical basis and practical recommendations for regions to develop differentiated digital economy
strategies according to their specific economic, technological, and resource potential.

Practical value. The results of the factor analysis support the theoretical hypothesis that the
digital economy promotes the advancement of regional economic structures through technological
innovation, resource optimization and allocation, industrial integration and upgrading, and the
realization of spatial effects. The findings can be used by regional authorities, policymakers, and
economic development institutions to design targeted digital transformation policies, strengthen
digital infrastructure, stimulate innovation activity, and reduce regional disparities. The proposed
analytical approach can also serve as a methodological basis for monitoring and evaluating the
structural effects of digital economy development at the regional level.
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Statement of problem. Digital economy,
a brand-new economic form recently, originates
from networked intelligence, which can be re-
lated back to the 1990. It is not clearly defined
until the G20 leaders’ Hangzhou Summit in Sep-
tember 2016 that the digital economy, with in-
formation technology as the core and modern
network as the carrier, comes from a series of
economic activities intending at efficient appli-
cation in communication technology and eco-
nomic structure improvement.

Currently, global economic governance is
entering a new era through digital transfor-
mation. Resultant business model innovations
have fundamentally altered consumers’ expecta-
tions and behaviors, pressured traditional firms,
and disrupted numerous markets.

Digital technologies, based on cloud com-
puting, big data analytics, artificial intelligence
(Al) and the widespread dissemination of digital
data, are deeply embedded in economic and so-
cial systems, changing the way countries pro-
duce, trade and innovate.

According to endogenous economic
growth theory, knowledge accumulation is the
driving force of the economy. Digital technol-
ogy with an interactive structure is bound to be
an important link in TFP representing scientific
and technological innovation. It is of great value
to explore the impact of digital economy on TFP,
promote the deep integration of digital economy
and real economy, and accelerate the high-qual-
ity development of economy and society.

Today, the digital economy is not just a
sector — it is a fundamental enabler of productiv-
ity, competitiveness and economic sustainabil-
ity. Therefore, accurately measuring its size,
structure and transformation dynamics has be-
come essential for the development of inclusive
and forward-looking policy frameworks.

Much of the existing research focuses on
digital sectors in isolation and pays insufficient
attention to how digitalization transforms tradi-
tional sectors through upstream and downstream
linkages — an essential feature of digital transfor-
mation that drives system-wide productivity
growth.

As an important engine of economic de-
velopment in the new era, the digital economy is
profoundly changing the global economic struc-
ture and regional development mode. The rapid
progress of digital technology has brought about

fundamental changes in information flow and
processing, and data and information have be-
come key factors of production, which is condu-
cive to the continuous optimization and upgrad-
ing of the economic structure.

At present, a new generation of digital
technologies such as big data, cloud technology
and artificial intelligence are fully penetrating all
areas of the economy and society, not only giv-
ing rise to new industries, new forms and modes,
but also having a profound impact on the ways
of transformation and upgrading of traditional
industries and becoming the main driving force
for the transformation of regional economic
structure.

The growing importance of the digital
economy and the issue of active growth are con-
stantly discussed in all countries of the world.
Economic data is an essential element of the dig-
ital economy. It is important to collect, analyze
and continually process the information that un-
derpins the success of the digital economy [1].

Under the wave of globalization and in-
formatization, the digital economy is changing
the global and regional economic landscape with
unprecedented speed and scale. According to the
latest reports of the International Telecommuni-
cation Union (ITU) and the World Economic
Forum (WEF), the volume of the global digital
economy will exceed 32 trillion dollars in 2023,
accounting for 43% of global GDP.

The rise of the digital economy has not
only changed consumption patterns, but also
given rise to new industrial employment pat-
terns, such as online education, telemedicine,
digital finance, intelligent transportation, etc.
The rapid development of these new manufac-
turers is transforming the regional economic
structure to be greener, smarter, and service-ori-
ented.

Therefore, an in-depth study of the driving
mechanism of the digital economy in the trans-
formation of the regional economic structure
contributes to the formulation of more effective
policies to guide the sustainable development of
the digital economy and promote the optimiza-
tion of the regional economic structure.

This study conducts a test by dividing into
northern, central, and southern regions to exam-
ine the differential impact of the digital economy
on the structural transformation of the economy
in different regions and provide a theoretical
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basis for formulating targeted strategies for the
development of the digital economy in each re-
gion.

The Digital Economy Development Index
System is built on a broad concept and the con-
ditions necessary for its development.

The three dimensions are: digital economy
infrastructure, digital economy openness, and
digital technology innovation environment and
competitiveness. This index system can reflect
the development of information and communi-
cation technology (ICT) technologies and indus-
tries, as well as the factor conditions and inno-
vation environment necessary for the develop-
ment of the digital economy.

The digital economy-related indicators
must be standardized and given reasonable
weights, and then the selected indicators are
multiplied by the corresponding weights and
added up, through which the digital economic
development scores of countries along the «Belt
and Road» can be calculated.

Among them, digital economy infrastruc-
ture mainly reflects the foundations and applica-
tion of digital technologies; innovation environ-
ment and competitiveness reflect the research
and development capabilities and environment
in the field of digital economy; digital economy
openness reflects the international competitive-
ness of products produced by the digital indus-
try. Each dimension consists of a specific indi-
cator.

Regression Analysis of Digital Econo-
my. For further analysis of the impact of the di-
gital economy on the transformation and re-
newal of the regional economic structure, the pa-
per takes the regional economic structure (Res)
as an explanatory variable, and the share of the
value added of the tertiary industry in GDP as a
proxy variable.

Based on data mining technology, this pa-
per deeply explores the mechanism and impact
of the digital economy on the transformation of
regional economic structure. The study uses a
factor analysis model to construct an evaluation
index system from four dimensions, namely,
digital communication infrastructure, digital
network infrastructure, digital industry develop-
ment level and innovation ability, to measure the
development level of the digital economy in the
region from 2016 to 2025 and analyze the impact
of the digital economy on the structural

transformation of the regional economy by com-
bining the orthogonal least squares method. [11].

The relevant literature proposes an open
market paradigm with a digital transformation
approach, which is the most popular e-business
model that can provide strategic directions for
participants. A major trend in integrated
manufacturing is the creation of digital copies of
industrial processes, data platforms, and
manufacturing  ecosystems to  facilitate
economic transactions

The strategic management literature has
mainly focused on the impact of the digital
economy and various responses to it. To some
extent, the digital economy has not only
significantly reduced business-related frictions,
but also created new challenges for market
operations. The sharp decline in the costs of
information retrieval, transmission, and copying
has put traditional firms under pressure and they
have been overtaken by innovative, rapidly
growing digital players.

Institutional  regulation,  information
security, and industrial restructuring are the
focus of researchers. In addition, the quantitative
research literature is concerned with the
relevance of traditional research approaches and
methodologies that attempt to measure the
development of the digital economy from
different aspects.

Based on the experience of selecting indi-
cators in the existing literature and the study of
related scientific practices, the level of develop-
ment of the digital economy (Dig) is selected as
the explanatory variable, and the score of the
digital economy development level measured
above is used as the proxy variable, based on
which the level of financial development (Fin),
the level of urbanization (Urb), the level of in-
vestment in education (Edu) and the level of
state support (Gov) are selected as the control
variables, respectively. [6].

A regression model of the digital economy
on the regional economic structure is built using
the balance of deposits of financial institutions
in relation to GDP, the share of the non-agricul-
tural population, the share of education invest-
ment funds in government financial expendi-
tures and the share of state financial expendi-
tures in GDP as proxy variables.

Regression analysis is one of the most
common methods for studying relationships and
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processing experimental results in natural sci-
ences, economics, technology, and other fields.

In regression analysis, it is most often used
to estimate the conditional mathematical expec-
tation of the dependent variable, given the values
taken by the independent variables. In all cases,
the mathematical expectation function of the de-
pendent variable from the independent variables
is estimated, which is called the regression func-
tion. Regression analysis is widely used for nu-
merical forecasting, classification, and industry
forecasting [2]. In recent years, many regression
analysis methods have been developed and used
worldwide.

Assumption Econometrics is a branch of
economics that utilizes statistical methods to
analyze economic data and heavily relies on lin-
ear regression as a fundamental tool. Linear re-
gression is used to model the relationship be-
tween a dependent variable and one or more in-
dependent variables. In this article, we will dis-
cuss linear regression in the context of econo-
metrics, in which this method is crucial for un-
derstanding and predicting economic phenome
of Linear Regression:

Several assumptions underlie linear re-
gression analysis, including:

1. Linearity: The relationship be-
tween the dependent and independent variables
is linear.

2. Independence: The observations
are independent of each other.
3. Homoscedasticity: The variance

of the error term is constant across all levels of
the independent variables.

4. Normality: The error term is
normally distributed.
5. No Multicollinearity: The inde-

pendent variables are not highly correlated with
each other.

The estimation process involves selecting
an appropriate model specification, such as lin-
ear regression, logistic regression, or time series
models, among others.

The coefficients (50 and £1) are estimated
using the method of least squares. This method
minimizes the sum of the squared differences be-
tween observed values and values predicted by
the model, known as residuals.

_ LIXi=X)(Y,-Y)
=" 1)

Bo=v —BX 2)

These models are parametric in the sense
that the regression function is defined by a finite
number of unknown parameters that are esti-
mated from the data.

Linear regression is a simple but powerful
tool that can make the analyst's job much easier
when studying consumer behavior; factors af-
fecting productivity and return on investment;
will improve the understanding of business pro-
cesses in general [3].

We consider the orthogonal least squares
(OLS) method, which is a sparse kernel model-
ing method that adopts local parameter regulari-
zation (LR) and the learning error of omission as
the optimization target of one, and the soft meas-
urement model constructed by this method has
strong generalization ability and sparsity.

It is known that x = [x1 X2, -.Xm ] €
RN*M js the input variable of the system, y €
RN*! is the output variable of the system and e
iIs the noise signal.

The regression model between x and y is
used for nonlinear identification by the OLS
method:

0=0+e=

N
D Bk, (. x) +e =05 +e 3
i=1

where the kernel function K, (x, x;),isa
Gaussian kernel function, i.e:

|x—xil2
Kyt xi) = EXP 2= (4)

Solving parameter f of Eq. (5) leads to the
solution of the optimization objective described
in Eq. (7).

P = ete (5)

Equation (7) essentially minimizes the
mean square error (MSE) of the training data,
which results in B = (¢t @)™ @ty. Since
@ € N x N ,when N is large, the model's oper-
ation will be more complicated and prone to di-
mensional catastrophe problem.

For this kind of problem, the OLS method
decomposes ¢ by orthogonalizing it to ob-
tain ¢ = WA.
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W = [wy wy, ...wy,], wi w; =0 (1 #j). (6)

The matrices W and A's can be computed
by the improved Gram-Schimt orthogonaliza-
tion method, and the final results are as follows:6

1 ap, a;z - agy
0 1 a23 b a2N
A=l0 0 : — @)
E E - 1 aN_lN
1 0 -0 1

Then the final regression model can be ex-
pressed as:

Y= Wy, In,t € (8)

where gy_ is the N s term in g. g is the
parameter to be optimally solved by the OLS
modelandg = ABand g = [g1,9>,..... n]"

The data used in this paper comes from a
regional statistical yearbook, municipal statisti-
cal yearbooks, etc. from 2015 to 2024, and for a
small number of statistically missing data, linear
interpolation is used to fill in the blanks, and the
relevant variables are standardized to be dimen-
sionless. [7]. Using SPSS 25.0 software, panel
data regression analysis was carried out with
OLS method, control variables were gradually
increased, and random effects were found to be
more suitable for this study through Hausman
test. The results of the basic regression test are
shown in Table 1, with *, ** and *** indicating
significant at 10%, 5%, and 1% confidence in-
tervals, respectively.

The number of control variables and the
goodness of fit of the model change in the same
direction, and with the addition of control varia-
bles, the goodness of fit of the model is improv-
ing, and the R? improves from 0.188 to 0.686,
which indicates that the choice of control varia-
bles is reasonable and scientific. [8].

Table 1
Basic regression test results
Variables Model 1 Model 1 Model 1 Model 1 Model 1

Dig 0.431 0.332 0.348 0.369 0.446
0.001 0.000 0.004 0.001 0.002

**k*x Eax = *kx *kx *k*
Fin 0.243 0.263 0.348 0.286
0.002 0.003 0.005 0.005

*kx *kx *kx *k*
Urb 0.122 0.319 0.205
0.005 0.004 0.004

*kx *kx *k*
Edu -0.373 -0.273
0.001 0.003

**k*k **%k
Gov 0,406
0,002

**k
R? 0.188 0.473 0.499 0.588 0.686

N 135 135 135 135 135

The regression results of the core explana-
tory variables are significantly positive (p<0.01),
with regression coefficients of 0.431, 0332,
0.348, 0.369 and 0.446, indicating that the digital

economy has a positive effect on the transfor-
mation and upgrading of the regional economic
structure, and the higher the level of the develop-
ment of the digital economy, the more obvious is
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the transformation and upgrading of the regional
economic structure [4].

Application of Linear Regression in
Econometrics.

« Linear regression is often used in econo-
metrics to quantify the impact of changes in inde-
pendent variables on the dependent variable. For
example, consider a scenario where a company
wants to assess the impact of changes in advertis-
ing expenditure on its sales revenue. By collect-
ing data on advertising spending and correspond-
ing sales revenue over a period, linear regression
can be used to estimate the relationship between
these variables.

« The regression analysis might reveal that
for every additional dollar spent on advertising,
sales revenue increases by a certain amount. This
information can be invaluable for businesses in
determining their marketing strategies and budget
allocations.

Forecasting.

« Another crucial application of linear re-
gression in econometrics is forecasting future
trends based on historical data. For instance,
economists often use linear regression to predict
GDP growth rates based on various economic in-
dicators such as consumer spending, government
expenditure, and investment levels.

« By analyzing historical data and identify-
ing the key variables that influence GDP growth,
linear regression models can be developed to
forecast future GDP growth rates. These forecasts
play a crucial role in informing government pol-
icy decisions, business planning, and investment
strategies.

Policy Analysis.

e Linear regression is also widely used in
econometrics for policy analysis. Governments
and policymakers often use regression analysis to
assess the impact of policy changes on economic
variables. For example, consider a government
that is considering raising the minimum wage. By
using linear regression to analyze historical data
on minimum wage levels and employment levels,
policymakers can estimate the potential impact of
a minimum wage increase on employment.

e This analysis can help policymakers
make informed decisions about whether or not to
implement the proposed policy change. Addition-
ally, linear regression can be used to evaluate the
effectiveness of existing policies by examining
their impact on relevant economic variables.

Linear regression is a fundamental statisti-
cal method used to understand relationships be-
tween variables. It is commonly used to predict
outcomes based on one or more factors. In econ-
ometrics, linear regression helps economists ana-
lyze economic data, test theories, and make fore-
casts. While linear regression is easy to under-
stand and apply, it has some challenges.

Problems like heteroscedasticity, multicol-
linearity, and endogeneity can make results less
reliable. Overall, linear regression is a useful tool
for analyzing data and making predictions in
econometrics, but it requires careful attention to
assumptions and model validation to ensure accu-
racy.

Conclusions. All over the world, the com-
petitiveness of the state is determined by the effi-
ciency and speed of reaction to the emerging
modern digital technologies. The impact of the
digitalization process on the competitive environ-
ment and the labor market is stronger. [5].

EU member states have made significant
progress in expanding access to ICTs and digital
networks. In addition, developed countries have
achieved a high level of universal access through
mobile communications. At the same time, devel-
oping countries have made significant progress in
this area by expanding mobile services.

The analysis shows that more attention is
paid to existing national digitalization strategies
aimed at a broader transformation of the national
economy and society. Most of the existing e-ser-
vices for agriculture in EU countries are usually
limited to e-government systems or ICT strate-
gies [10].

The contributions of this paper include the
following aspects. First, researchers have mainly
studied the digital economy from a specific per-
spective, but the digital economy is a complex
covering various high-tech industries, and it is
very incomplete to measure the development of
the digital economy only from the changes in the
network or Information and Communication
Technology (ICT) industries.

This multidisciplinary discussion is needed
to study the digital economy from three aspects:
infrastructure, industry scale, and spillover value,
to comprehensively reflect the development of
digital economy. Second, the subjective
weighting method usually introduces uncertainty
in the construction of the indicator system. We
use the principal component analysis, which is an
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objective weighting method to scientifically re-
flect the contribution of different dimensions of
evaluation elements and construct the digital
economy index.

Third, TFP calculation using the Solow re-
sidual method is susceptible to the influence of
capital stock estimates. Therefore, we use the
dual approach that does not require measuring the
capital stock, as well as setting up a production
function with a constant elasticity of substitution
to accurately account for TFP. In addition, linear
regressions are mostly employed in panel data
analysis, but we argue that there is a nonlinear re-
lationship between digital economy index and
provincial TFP. Therefore, this paper constructs a
nonlinear panel model with square terms and in-
teractive terms, which is more in line with the cur-
rent situation.

The digital economy has become a key
driving force for the transformation of regional
economic structure. Through factor analysis and
orthogonal least squares regression, it is con-
firmed that the digital economy has a significant
positive impact on regional economic structure,
with a regression coefficient as high as 0.446, in-
dicating that for every unit increase in the level of
development of the digital economy, the propor-
tion of the tertiary industry in the GDP will in-
crease by 0.446 percentage points.

This result fully verifies the theoretical hy-
pothesis that digital economy promotes the ad-
vanced economic structure through the mecha-
nisms of technological innovation, resource opti-
mization and allocation, industrial integration and
upgrading, and spatial effect release.

The analysis of regional heterogeneity re-
veals that the digital economy plays the most sig-
nificant role in the central region, with an impact
coefficient of 0.701, much higher than that of
0.532 in the southern region and 0.487 in the
northern region, and this difference mainly stems
from the central region’s better digital infrastruc-
ture, higher innovation capacity and talent con-
centration effect, which enables digital technol-
ogy to be more fully applied to the transformation
and upgrading of traditional industries.

The level of financial development and ur-
banization also have a positive contribution to the
transformation of economic structure, with re-
gression coefficients of 0.286 and 0.205 respec-
tively, reflecting the positive contribution of

financial support and urbanization to the optimi-
zation of industrial structure.

It is worth noting that the level of educa-
tion investment shows a negative correlation with
the transformation of economic structure, with a
coefficient of -0.273, suggesting that the training
of talents in each region should be more closely
aligned with the market demand, to avoid the dis-
connection between the training of talents and in-
dustrial demand. [9].

In the future, regions should formulate dif-
ferentiated digital economy development strate-
gies according to their own characteristics, focus
on strengthening digital infrastructure construc-
tion, promoting the in-depth integration of digital
technology and traditional industries, accelerat-
ing the cultivation of digital talents in line with
market demand, and promoting the transfor-
mation and upgrading of regional economic
structure to a higher level.
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AHAJII3 TPAHC®OPMALIII PETTOHAJIBHOI CTPYKTYPU HU®POBOI EKOHOMIKU
T. I. Mwsioobaose, npogecop I opiiicokoco depaicasroeo yrisepcumemy (I py3is),
JI. C. Mamynawsini, npogpecop I opiticoxoco depacasnoeo yrisepcumemy (I py3is)

MeTtonoaoria aocaimkenns. [{udppoBa exoHomika TpaHcPopMye CBITOBHH EKOHOMIYHUI
naramadT Oe3npeneeHTHIMYA TEMIIAMH Ta CTajla BAYKIMBUM PYIIIEM perioHaIbHOI eKOHOMIYHOI pe-
CTPYKTYpH3aLlii Ta CTaloro po3BUTKY. Lle mociimpkeHHs AOCHIIKye MEXaHI3MH Ta BIUIMB LIU(POBOT
EKOHOMIKHM Ha TpaHCc(OopMaIlilo perioHaTbHUX eKOHOMIYHUX CTPYKTYP 32 JOIOMOTOI0 METOJIiB aHa-
T3y JaHWX Ta KUIbKICHOTO aHamidy. JlocnmipkeHHsa noeanye (akTOpHUN aHali3 3 OPTOrOHAIbHOIO
perpeciero HalMEHIINX KBAAPaTiB AJIsl OL[IHKH 3B'SI3Ky MK piBHEM PO3BUTKY HU(POBOT EKOHOMIKH
Ta CTPYKTYPHUMHU 3MiHAMH B PETiOHAIbHUX €KOHOMIKaxX. AHaJI3 pO3riisgae TEXHOJIOT1YH1, MPOMUC-
JIOBi, pECYpCHI Ta IPOCTOPOBI BUMipH IIU(PPOBOi TpaHchopMmarllii Ta BU3HaAUYA€ OCHOBHI KaHAIH, Yyepe3
K1 uQpoBizallis BILITMBAE HA PETiOHATLHUNA €KOHOMIYHUN PO3BUTOK.

PesyabtaTn. EMnipuyni pe3ynpTaTd J€MOHCTPYIOTH CTAaTHCTHYHO 3HAUYYIIMH TMO3UTHBHHUN
3B'SI30K MK PIBHEM PO3BUTKY LU(POBOi EKOHOMIKH Ta TpaHC(OpMaAIli€r0 perioHaIbHUX €KOHOMIY-
HUX CTPYKTYp. Pe3ynbpTaru, oTpuMani 3a 10moMororo (hakTOpHOTO aHaJi3y Ta OPTOTOHAIBHOI perpe-
cii HallMEeHIIINX KBaJpPaTiB, MiATBEPIKYIOTh, 110 KU(POBi3alLlig Cripuse MOAECpHI3alii Ta ONTUMI3aIi]
perioHaIbHUX EKOHOMIYHUX CTPYKTYp. Pe3ynbpTaTi Takox BKa3yOTh Ha T, [0 IHTEHCUBHICTH I[LOTO
BILJIUBY 3aJICXKHUTh BiJl 3JaTHOCTI PEriOHIB BIPOBAXKYBATH IIU(POBI TEXHOJIOT11, CTUMYJIIOBATH 1HHO-
Ballii, MOKpAIIyBaTH PO3MOIiT PECYPCiB Ta IHTETPYBATH TPATUIIHHI raTy3i IPOMHUCIOBOCTI 3 HOBUMU
HU(GPOBUMU CEKTOPAMHU.

HoBu3na. HayxoBa HOBH3HA TOCTIKEHHS TIOJISTAE y KOMIUIEKCHIH OIiHIII 3B'I3KY Mi>K pO3BH-
TKOM IIM(PPOBOi EKOHOMIKH Ta TPAHC(POPMALIEI PETIOHATBHUX €KOHOMIUHUX CTPYKTYp. Y J0Cii-
JDKEHHI BU3HAUEHO KIIFOYOB1 MEXaHI3MH, 32 JIOTIOMOTOI0 SIKUX IU(POBI TEXHOJIOT1T CIPUSAIOTH CTPYK-
TYpHill MOJIepHi3allii, BKIIIOYar04X TEXHOJIOT1YH1 IHHOBallii, €(peKTUBHIIINNA pO3MOILT pecypciB, Ipo-
MUCJIOBY 1HTETPAIlil0 Ta MOCHJICHHS MPOCTOPOBOT EKOHOMIYHOI B3aeMoii. Pe3ynbraTu mocCiIKeHHs
Ha/1al0Th TEOPETUYHY OCHOBY Ta IMPAKTHYHI peKOMEHallii JUIsl pPerioHiB 11010 PO3pOOKH uepeHLi-
HoBaHUX cTpareriii HuppoBOi EKOHOMIKHU BIJIOBIIHO /0 iIXHOIO KOHKPETHOTO €KOHOMIYHOIO, TEX-
HOJIOTIYHOT'O Ta PECYPCHOTr0 MOTEHIIiaIy.

IIpakTnuna 3HauymicTs. Pe3ynbratu GpakTopHOro aHai3y MiATBEPAKYIOTh TEOPETUYHY Ti-
MoTe3y Mpo Te, 10 HU(POBAa EKOHOMIKA CIPUSE PO3BUTKY PETIOHANIBHUX EKOHOMIYHUX CTPYKTYp 3a-
BJISIKM TEXHOJIOTIYHUM 1HHOBAIIISIM, ONITUMI3aIlli Ta PO3MOALTY pecypciB, MPOMHUCIIOBIHM 1HTErpallii Ta
MoOJIepHi3allii, a TakoXk peasizaiii mpocTopoBux edekTiB. Pe3ynbraTi ToCHiKEeHHS MOXYTh OyTH
BUKOPHUCTaH1 pEriOHAJIbHUMH OpraHaMH BJIaJ 1, OJITUKAMHU Ta YCTAHOBAMU €KOHOMIYHOI'O PO3BUTKY
111 pO3pOOKH LIJILOBOI MOJIITUKU LM(POBOI TpaHCPOpMaLlii, 3MILIHEHHS HUPPOBOT iIHPPACTPYKTYpPH,
CTUMYJIIOBaHHS 1HHOBAI[IITHOI aKTUBHOCTI Ta 3MEHIIEHHS PEriOHAIbHOT HEPIBHOCTI. 3alporioHOBa-
HUH aHATITUYHUNA MiIXiJ TAKOXK MOXE CIY>KUTH METOJIOJIOTIYHOK OCHOBOIO JUISI MOHITOPHUHTY Ta
OLIIHKH CTPYKTYPHHUX €(eKTiB PO3BUTKY LIUPPOBOI EKOHOMIKH Ha PETIOHATILHOMY PiBHI.

Knwuoei cnosa: nnppoBa eKOHOMIKA, perioHajibHa EKOHOMIKa, CTPYKTYpHa TpaHchopmartis,
perpeciiiHuii aHai3
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